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Abstract

As social media platforms have increased their role as content
moderators, alternative social media platforms have emerged
with fewer rules and policies on moderating content. One
such platform is Gab, a social media platform similar to Twit-
ter that champions free speech with minimal standards on
content. Early research has linked this platform with alt-right,
hate speech, conspiracy theories, and other alternative content
that is sometimes marginalized in mainstream social media
platforms like Twitter and Facebook. In an effort to provide a
means for researchers to study this platform, we introduce
a database of 37,012,061 posts (with additional edit histo-
ries), 24,551,804 comments, and 819,957 user profiles web-
scraped from Gab between August 2016 and December 2018.
In this paper, we outline our data collection process, describe
the data, consider the ethics of our data collection process,
and provide suggested avenues of inquiry for researchers in-
terested in analyzing our database.

Introduction

Social media platforms provide a digital forum for the flow
of user-generated content. As the number of users on so-
cial media platforms has dramatically grown beyond 3 bil-
lion individuals (Social 2018), so too has the rise of hate
speech (Nobata et al. 2016), automated processes (e.g., bots)
(Ferrara et al. 2016), and misinformation campaigns on
such platforms (Allcott and Gentzkow 2017). In response to
these issues, many major social media platforms like Twitter,
Facebook, and YouTube have started to moderate content to
ensure that content adheres to each platform’s policies and
guidelines. Moreover, alternative platforms have been cre-
ated that provide looser standards and are subject to higher
levels of malicious content (Bib 2019). In this paper, we con-
sider one such platform, Gab, and introduce a database that
provides a large-scale collection of its posts,comments, and
user profiles for the research community to better understand
this platform.

Recently, (Zannettou et al. 2018a) and pushshift.io
(Baumgartner 2018) have open sourced similar data of Gab
posts. However, a difference between our contribution is that
these data sets are limited to compressed flat files (json) of
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Gab posts, rather than an indexed database. Our contribu-
tion includes a larger data set of posts, with comments, and
user profile attributes. Our data (e.g., posts and users) incor-
porates longitudinal observations, in which we include the
updates and time stamps when users edited their past con-
tent. Our primary contributions of this paper are:

e User account data providing friends and follower infor-
mation,

e Multiple updated records (e.g., when a user later edits a
post) on edited posts and comments,

e Provide code to assist with loading and using the data,
e Data conforms to the FAIR Data Principles',

e Data is provided using the dataset sharing service Zenodo.
2

The structure of this paper is as follows. First, we review
past research on Gab and explore unique features about this
social media platform. Next, we outline our data collection
process to acquire the dataset. Then, we provide a brief out-
line to consider the ethics and adherence to platform policies
in our collection of the data. Last, we outline ideas of possi-
ble future research on our dataset.

Gab and Related work

The first evaluation of Gab was done by (Zannettou et al.
2018a) with a data set of 22 million Gab posts.® In their
work, they identify the top links and hashtags found in user
posts, identify influential users, highlight top terms in pro-
file descriptions, and summarize the creation dates of the
user population. They also find that Gab tends to have more
hate speech than Twitter, as measured by a Hate-based lexi-
con; although less when compared to 4chan’s Politically In-
correct board (/pol/) (Hine et al. 2016). Subsequent studies
have also considered more specific research questions using
Gab. For example, (Zannettou et al. 2018c) consider the role
of state-sponsored trolls within the Gab platform. Alterna-
tively, (Zannettou et al. 2018b) explores the origin of memes
on Gab and related platforms.

"More information about the FAIR data principles can be found
here: https://www.forcel 1.org/group/fairgroup/fairprinciples

2Code and data can be found at
https://doi.org/10.5281/zenodo.2541323

Shttps://zenodo.org/record/1418347



Platform affordances: posts, profiles, and users

Gab is a micro-blog platform most similar to Twitter. Users
(or gabbers) generate posts that are limited to 300 charac-
ters (Gab 2019a). Such posts can include images, links, gifs,
polls as well as can be tagged as NSFW, or “Not Safe For
Work,” to highlight potentially obscene content. A post can
then be viewed by other users in their feeds if they are fol-
lowing the user that made the post. Users can respond to
other posts with an up-vote that is similar to “likes” or “fa-
vorites” on other platforms. By aggregating such user’s re-
sponses, Gab also provides a favoring system, like facebook,
where each post is provided a score (number of points) pro-
viding the total number of up-votes and is prominently dis-
played for other users. Like Twitter, users can also comment
directly to posts, repost (similar to retweet), or quote posts
as well as include hashtags or mentions within the body of
the post.

However, unlike Twitter, Gab offers two different affor-
dances for users. First, users can edit past content (Gab
2019b). Second, users can tag posts to unique topics or cate-
gories (Zannettou et al. 2018a). Topics are generated by Gab
users and normally reference a unique event or topic that is
publicly available to all users. Alternatively, categories are
pre-defined themes (e.g., News, Politics, Technology) that
users can associate with their content.

Similar to Twitter and Facebook, Gab users also maintain
a profile page which includes user-level information (e.g.,
profile summary, profile and background images) that can be
updated at any time (Gab 2019g). Gab also includes a user-
level point system that measures the net number of votes
on that user user’s content. For example, each user earns
one point for one up-vote of his content. Alternatively, the
user will lose one point for each down-vote of his content
as well. The net score of each user is prominently displayed
on their profile page next to other summary profile metrics
(e.g., number of posts, followers, and followings).4

Unlike most mainstream social media platforms whose
business model is based on advertising, Gab maintains a
user-supported business model in which users can pay for
different designations. The first level is Gab Pro, their
premium subscription service for users interested in addi-
tional features like creating lists, groups, extended character
counts, verification, and the ability to be a premium content
creator (Gab 2019d). A premium content creator is an in-
dividual who can sign up to solicit money for their content
(Gab 2019%e).

Data collection

Our data provides three types of site content: posts, com-
ments, and user profiles. Data was collected without creating
an account with the site. There is no need to login to view
public profiles and posts. We collected our user data in a
four step process. First, we scraped® the profile information

“Users need a score of at least 250 points and verified email
address to use downvotes.

5Loosely based on code found at:
https://github.com/aaronrudkin/GabScraper
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of Andrew Torba’s account.® From that we got the list of ac-
counts he follows and his followers. Those lists were added
to his profile information and saved to a json file. Lastly the
next accounts to scrape were taken from this list of people
he was following and his followers. The scrape was restarted
with this new list. This represented a breath-first-search of
the Gab social network. If the account was private then only
publicly accessible information was scraped. This includes
the month and year the account was created, the number of
people the account is following, and their followers, if the
account was a premium, investor, pro or donor, and the num-
ber of times they have posted to Gab.

The posts and comments were crawled in incremental
batches partitioned by the unique post id number. Gab’s
posts are uniquely identified by an id number that started
at 1 with the first post and incremented every time a post is
made anywhere on the site. Our data also contains the time
in which the post and comment was collected. This makes it
easy to reconcile the data with previously published datasets.

Robots exclusion protocol & platform policies

To ensure the ethical collection of our database, we adhered
to Gab’s Robots exclusion protocol (i.e., robots.txt
file), privacy policy, and Terms-of-Service, all of which
place no restrictions on web-scraping.

Restricted Unrestricted

User-agent: *
Disallow: /

User-agent: *
Disallow:

Figure 1: Two examples of robots.txt files. The file on
the left is a restricted file that prevents all users from crawl-
ing any folder. The file on the right is an unrestricted proto-
col that allows all users to crawl any folders on the server.
Gab’s robots.txt file has continuously maintained an
unrestricted protocol.

The robots. txt fileis a text file used by website own-
ers to give instructions to automated bots (e.g., web scrap-
ers) about using their site.” It is divided into two compo-
nents: the User-agent directives and the Disallow folders.
The User-agent directives act to identify to any bot which
directive applies. For example, ‘User—agent: «° indi-
cates that the directive applies to all bots. The Disallow in-
formation is connected to a User-agent directive and lists
what sub-folders the bot cannot visit. The two most com-
ment Disallow statements include either ‘Disallow: /’
and ‘Disallow:’. ‘Disallow: /’ indicates that the di-
rective restricts bots from the entire server. On the other
hand, ‘Disallow:’, in which the Disallow is empty, indi-
cates that the directive allows bots to have complete access
to the server. Two examples of these files are shown in Fig-
ure 1. Using the Wayback machine archive, Gab platform

Shttps://gab.ai/a
"http://www.robotstxt.org/robotstxt.html



has maintained a robot.txt file to allow all web crawlers ac-
cess to all content.?

In addition, we considered Gab’s privacy policy and
Terms-of-Service to ensure that our data collection did not
violate any conditions (Gab 2019f; 2019¢c). We found no
mention of terms like ‘scraping’, ‘bots’, or ‘crawling’ within
either policy and found no conflicts with the policy and our
data collection procedure.

Conclusion & Future Work

Typically, to study social media through large-scale data,
most research considers only been provided a limited per-
spective through samples (e.g., Twitter’s streaming API),
keyword queries, public pages (e.g., Facebook), or user pro-
files (e.g., Twitter’s REST API). In this paper, we provide a
dataset of nearly a full, longitudinal population of a unique
social media platform, Gab. Our dataset could have wide use
for computational social scientists interested in a platform-
level set of word embeddings, bot detection, echo chamber
analysis, information framing studies, meme contagion, or
cross-platform interactions.
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